The Mahatma Gandhi National Rural Employment Guarantee Act (MGNREGA) of 2005 guarantees adult members of rural households to a minimum of 100 days of employment with certain provisions geared specifically towards women. The phase wise rollout of the program allows us to employ a difference-in-differences strategy to examine the effects on children's education. Using two phases of the District Level of Household and Facility Survey, we find no significant impact of the program on children's education. Although our results are not significant, we find consistent negative coefficients on girls' schooling. These results suggest the interplay of two opposing channels. On the one hand, the increase in income due the program could increase children's schooling. On the other hand, the rise in mothers' work and hence, absence from home may have adversely affected children's education, especially for the older children.
Introduction
Public works programs are established for the primary reason of alleviating poverty. Subsequently, they have also been known to improve wages, reduce unemployment in rural areas and also decrease the gap in gender inequality. India's National Rural Employment Guarantee Act (NREGA) of 2005, one of the biggest and most ambitious public works programs in the world, was launched with the same intention as above and to also bring economic growth to rural areas. Rolled out at a national level, NREGA is a job guarantee program that provides employment for 100 days to any adult members of any rural household.
While the primary objective of the program is to augment wage employment, it also has potential to strengthen natural resource management, empower rural women, and reduce rural-urban migration. One of the key features of NREGA that makes it different from previous public works programs is that it allows for women-specific provisions. NREGA mandates 33 percent participation of women, and that mean and women are paid equally.
Research on women's labor force participation has established that improving women's labor market access improves their decision-making power and subsequently, improves their control over household resources as well (Gleason, 2003; Quisimbing and Mallucio, 2003; Anderson and Eswaran, 2009) . Increased power in the household can further lead to improvements in children's health and education outcomes (Duflo and Udry, 2004; Marchand et al., 2012 ). An augmented labor market opportunity for women could lead to two opposing effects in terms of children's education. Since women now partake in employment and have a sense of independence through contribution to household income, they are more adept to the need for their children's education. However, there is also an opposing effect; older children, especially girls, in the household might need to take care of the household chores and their younger siblings, leading to a reduction in education of this older cohort. This is especially of concern in the case of NREGA since the program has come under criticism for a lack of childcare facilities, even though funds have been allocated to that cause (Holmes et al.,2010; Dreze and Oldgies, 2007; Kumar, 2012) . In this paper, we study the impact of 
III.
1 Thus, NREGA covers the entire country with the exception of districts that have a hundred percent urban population. By the year 2010-11, the program provided employment opportunities to 54.9 million households. Given the massive scale of the program, it is natural to question whether such income support programs like NREGA improve child development.
The phase-wise implementation of NREGA ensured that some of the districts were the control group while the others were treatment group, allowing us to exploit a difference-indifferences strategy to examine the effect of the program on children's education.
We apply our difference-in-differences to two phases of the cross-sectional dataset of
District Level and Household Survey (DLHS). The extensive coverage of the DLHS allows
us to look at the 552 districts in our analysis and spans from 2002-2004, and 2007-2008 . The dataset includes a rich set of individual and household characteristics. Our sample consists of approximately 890,000 children aged between 7-15 years. We find weak evidence that the program did not improve children's education. We also find suggestive evidence that older cohorts, especially girls, substitute education for work and that younger boys seem to be favored more to complete education.
The rest of the paper is organized in the following manner. Section 2 provides the background information about NREGA and also a literature review of what has been done so far. Section 3 elaborates the empirical strategy we employ, Section 4 talks about the data.
We elaborate on the results in Section 5 and finally conclude in Section 6.
1 Phase wise district list and map are given in the Appendix.
3 2 Background
National Rural Employment Guarantee Act
Enacted in August 2005, NREGA aims at enhancing the livelihood security of people in rural areas by guaranteeing a minimum of 100 days of public sector work in a financial year at a pre-determined wage rate.
2 To be a beneficiary of NREGA, interested adult members must first apply for a job card at the local Gram Panchayat where they reside. 3 The Job
Card should be issued within 15 days of application after verification. Any adult who applies for work under NREGA is entitled to employment in public works within 15 days; otherwise it is the responsibility of the state to provide them with unemployment benefit. However, applicants have no influence over the choice of project. NREGA has specific provisions for women: they are to be paid equally as men and it mandates a 33 percent women's participation. Figure 1 shows a map of the districts coverage by phases.
Literature Review
Given its large scale of operation and its implications for rural India, NREGA has attracted considerable amount of interest among researchers, NGOs and the media. A large amount of literature has focused on the effect the program has had on the labor market in India. Imbert and Papp (2012) and Azam (2012) use the nationally representative data of India's National Sample Surveys and a difference-in-differences framework to estimate the causal effects of NREGA on labor market. The former find an increase of 0.3 days per prime-aged adult per month in employment with a 4.5% increase in private sector casual wages. They however find that private sector work for low-skilled workers dropped by 1.6%. Azam (2012) finds that labor force participation has increased by 2.5%, with the result being driven by a significant increase in female labor force participation. Additionally, he finds a significant increase of 8% in real wages of female casual workers in NREGA districts when compared to the non-NREGA districts. However, the impact of NREGA on wages of casual 5 Person-Day is defined as one day of work in the MRNEGA. One person-day of work entitles the worker to the notified wage in the MRNEGA as per the Schedule of the Rates (SoRs).
6 The official ranking of backwardness of the districts in each state was based on the Scheduled Caste and Tribe population in 1991, agricultural wages in 1996-97 and output per agricultural worker in 1990-93. male workers was only been marginal (about 1%). On the other hand, Zimmermann (2012) using a regression discontinuity design finds no impact on public or private sector casual employment. She does find significant increases in the private sector casual wage for women, which is not the case for men. While the labor market results vary, the program seems to have significant impacts for the female labor force, with little impact on the male labor force.
While the previous papers have focused on India as a whole, literature has also focused on micro level units to examine the effect of the program on women's empowerment and labor force participation. Khera and Nayak (2009) use qualitative data collected on 1060 NREGA workers from 98 NREGA worksites across 10 sample districts from North India to study the impact the program has had on women. They report increased women's access to jobs with reasonable wages and working conditions. Pankaj and Tankha (2010) based on their field survey of 428 female NREGA workers from four northern states in India, report that women as individuals have gained because of their ability to earn independently. Similarly, Narayan (2008), based on fieldwork from selected areas in Tamil Nadu, reports that women who took advantage of NREGA gained a certain independence. They seemed to have invested more in their children's welfare, paid off outstanding debts, and garnered a sense of empowerment since they could self-sustain themselves. However, he also finds that quite often women have to suffer income losses due to the lack of child-care facilities at NREGA worksites.
Similarly, Sudarshan's (2011) study finds that quite often women have to juggle work and care through the help of family members, quite often the older daughters. In spite of the provisions in the Guidelines of the Act for promoting womens participation in the NREGA, local dynamics, gender relations and implementation challenges create several constraints for womens meaningful participation.
NREGA has also had significant impacts on household allocation and migration of rural households. Based on an initial baseline survey data of 1066 households and subsequent panel data of 320 households from Andhra Pradesh, Ravi and Englar (2009) find an increase in expenditure by 40% and non-food consumables by 69% as a result of NREGA. Liu and Deininger (2010) conduct a survey in five districts in Andhra Pradesh and find an increase in calorie consumption and consumption expenditure in the surveyed households in these districts. Ravi et al. (2012) find that NREGA has significantly reduced rural to urban migration in India (by 27.9 percent), mainly driven by a much sharper impact on illiterate households. They also find that NREGA has reduced urban unemployment by 38.7 percent. This is in line with one of the rationales behind NREGA; to reduce rural to urban migration.
Given that the program is seen to have increased women's labor force participation, bargaining power and household allocation, especially food consumption, NREGA could have significant impacts on children's well being. Afridi et al. (2012) study the impact of NREGA in Andhra Pradesh on children's time spent in school via its potential to empower rural women through greater access to labor market opportunities. They find that greater participation of mothers in the program is associated with higher-grade attainment of their children in the poorer households. Similarly, Uppal's (2009) study on Andhra Pradesh finds evidence that program registration reduces the probability of a boy entering child labor by 13.4 per cent and for girls by 8.19 per cent. On the other hand, using DISE dataset, Li and Sekhri (2013) find that introduction of NREGA led to lower relative enrollment in treated districts. They also find that enrollment in private school increased but grade repetition and pass rates worsened, and enrollment in free public schools fell.
NREGA may affect children in three different ways. First, an increase in mothers' labor force participation can improve children's outcomes as more income allows families to increase investments in education, health for their children. This is a pure income channel playing a role which is well documented in the literature. Using instrumental variable strategy, Dahl and Lochner (2012) , and Milligan and Stabile (2011) find significant positive effects of increase in family income (due to changes in income guarantee programs) on children's test scores.
Second, higher earned income may raise a mother's say in household resource allocation decisions. Using data from rural Bangladesh, Anderson and Eswaran (2010) show that the effect of earned income on female autonomy within households is far greater than that of unearned income. Also, it is not employment per say but employment outside their husbands' farms that is more important in empowering women. Research has shown that providing women with extra income or empowering them has a positive effect on children's education.
Using exogenous increases in sex-specific agricultural income caused by post-Mao reforms in China, Qian (2008) finds that increasing the income of the mother increases educational attainment for all children, while increasing the father's income decreases educational attainment for girls and has no effect on boys' educational attainment.
Third, mother's employment imposes a burden on a mother's time and may result in poor supervision or care of her children. Quite often, the older generation or older siblings take over the household responsibilities, especially taking care of the younger siblings. A consequence of this might be that the children abandon school all together. This is a mother's time at home or substitution channel (assuming that the mother's time and the children's time are perfect substitutes). Bianchi (2000) shows that working mothers spend less time doing household work, and Crepinsek et al. (2004) document that children of working mothers have lower overall "Healthy Eating Index" scores. The net impact of increase in mother's labor force participation on children's education would depend on which of the effects dominates: the pure income effect, the bargaining effect or the substitution effect.
Several studies have evaluated the economic impacts of safety net programs, in particular, NREGA. Our paper adds to this increasing literature by evaluating the effects of NREGA on children's education. While, Afridi et al. (2012) investigate a similar question, they limit their study to only 5 districts in one particular state in India. Li and Sekhri (2013) use the DISE and evaluate the impact of the program on school enrollment (both in private schools and public schools). We complement this literature by examining the effect of the program on children's education, specifically completed years of schooling, using the richer dataset of the DLHS. Specifically, we estimate the effect of an employment guarantee program, namely NREGA, on children's education. We restrict the analysis to children aged between 7-15.
The strategy is summarized by the following equation:
where y idt is the outcome variable for an individual, i, in a district d in year t. nrega d is a dummy variable that takes on the value 1 for districts that received NREGA in Phase I and Phase II, and takes on 0 for all districts in Phase III. post t is the dummy variable that takes the value 1 for after 2006, and 0 for before 2006. δ d is the district fixed effect and γ t is the year fixed effect. The matrix X idt is the set of individual control variables that include, gender, caste, religion, rural or urban area, household size, and assets of the household. We cluster standard errors at the district level to account for any serial correlation. The coefficient of interest is β 1 , which gives us the difference in outcome between NREGA districts and the non-NREGA districts. We conduct the analyses separately for girls and boys to further tease out any gender bias within the households.
Since NREGA was rolled out in three different phases, with the most backward districts first, it is important to control for differential trends. This is also important since the roll-out was not in a random fashion; and instead was based on an index of backwardness. To correct for differential trends, we include district specific linear trends
where θ d * (year t ) is the district specific linear trends. One of the key assumptions of the difference-in-differences estimation is that of parallel trends. In our case, the parallel trend assumption is that, in the absence of NREGA, the trends in our outcome of interest would have been the same in the treatment and the control districts. As a falsification test, we repeat the above analyses for the age group between 19-21. Since NREGA is eligible to anyone aged 18 and above, this group should take up more work opportunities. They should not be affected by the policy in terms of going back to primary or secondary school. If this is indeed the case, the coefficients on the 19-21 age group in our falsification test should be negligible and insignificant. In our data set, average years of education increases with age.
However, we find that the average reaches a plateau at 9 years of education for people above 18 years of age. Therefore, individuals between 19-21 would have completed their education prior to the policy, and hence are a suitable group to check for pre-trends.
We further decompose the treatment variable by three different age groups and estimate
Equations (1) and (2) based on these different groups. The double difference from above could suffer from trends amongst different cohorts in our sample. Additionally, this will allow us to examine differential effects of the program on various ages in our sample, and provide a better insight of the income and and mother's time effect mentioned in our motivation.
Our age groups are defined as the following: the youngest group is the group between 7-9;
this is the age group we expect to see the most impact of the policy since they will be going to primary school. We define our second group between 10-12 and the third group between 13-15.
Estimates by Various Groups 3.2.1 Gender of Head of the Household
An important factor to consider in our analyses is the gender of the head of the household.
It is of interest to examine the differences, if any, in the effect of the program on children's education based on whether the household has a female head or a male head. If gender progressive parents were already sending their daughters and sons to school, then we should see no significant increase in the impact of the policy on children's education. Additionally, if gender bias (favoring the boys more than daughters) does exist, then we should see no effect for female head of households since we could assume that they would put more weight on the boys' education than that of the girls. However, since mothers are part of the labor force and are experiencing an increase in wages, they could now invest more in their daughters education. If this is the case, we should find a positive impact of the program on girls' education.
Scheduled Caste/Scheduled Tribes
Historically, the Scheduled Castes, Scheduled Tribe and Other Backwards Caste groups have been the disadvantaged groups in India. Several policies in India are geared specifically to improve the conditions of these groups. An example of such a policy is in higher education (colleges), where they collectively hold a 50% reservation of the available seats. Similarly, NREGA has some targeting towards these caste groups. 8 One of the key features of NREGA is that there is significant targeting to improve land, irrigation and horticulture among specific groups such as SC/ST, below poverty level families and so on. 9 Azam (2012) finds that the SC/ST group experiences a significant increase in both real wages and labor force participation after the implementation of NREGA. It is interesting to see if these caste groups improve household allocation towards education of the children due to increased income.
Data
The main sources of data for our analysis are the second and third waves of the District Level Household and Facility Survey (DLHS) in India. The DLHS uses a nationally representative sample of households and is one of the largest demographic and health surveys ever carried out in India. In the second wave of DLHS, the survey was completed during 2002-04 in 593 districts, covering a representative sample of about 1,000 households in each district.
The total sample size is around 620,107 households in India. The third wave of DLHS survey was conducted in 2007-09. The total sample size is around 720,320 households across 601 districts from 34 states and union territories in India (excluding Nagaland). 10 The extensive coverage of the DLHS allows us to look at the 552 districts in our analysis. Our analyses covers children aged between 7 years of age to 15 years of age. 11 Our sample size is roughly 890,000 children, of which 46% are female.
The household questionnaire in the DLHS includes a roster of all members residing in the household, their educational attainment, and health of the women and children in the household. It also includes detailed questions on the demographic information, assets possessed, and socio-economic characteristics of the household. We restrict our analysis to the usual residents of the household. 12 Our main variable of interest is completed years of schooling. 
Results

Difference-in-Differences Estimates of Effects of NREGA on
Children's Education
In Table 2 , we estimate Equations 1 and 2 and present the difference-in-differences estimates of the impact of NREGA on children's education, measured by completed years of schooling. The odd columns present estimates from Equation (1) while the even columns sample. We are able to do this because the number of visitors in our sample is very low, and dropping them does not change any of our results. 13 The official NREGA website: http://nrega.nic.in present results that include district specific linear trends. Columns 1 and 2 present results for the entire sample, while Columns 3-6 present the results for girls and boys separately.
For the full sample, we find that the coefficient on the treatment variable is 0.005. This translates to a negligible increase of 0.005 years of education. Controlling for district specific trends to account for the specific targeting of the backward districts, we find that the coefficient is now -0.109. While the results are not significant, we find suggestive evidence towards an overall decrease in the years of education. To examine if the results differ by gender, we divide our sample between daughters and sons. For girls, we see an increase of 0.015 years of schooling, but controlling for district specific trends we find that the coefficient is now -0.270
(both these results are not significant). For boys, we find a negligible decrease in completed years of education. An interesting result is when we control for district specific trends, we find that boys experience an increase of 0.025 years of education (however, the results are not significant).
14 While not significant due to the large standard errors, the negative coefficient for girls may be due to the fact that children quite often have to walk long distances to attend school in rural areas and lack of a supervising parent while traveling might be a deterrent, especially for girls. Additionally, the results suggest a presence of gender bias; boys seem to be attending school more than girls. Research and case studies have further reported the lack of child care facilities at NREGA worksites; this makes the older children good candidates to take over household chores and take care of the younger children. Thus, the results might not suggest a clear substitution or income channel playing a role due to the increase in women's participation in the labor force due to the NREGA.
Next, we perform a falsification test to examine if our difference-in-differences estimates are confounded by any differential pre-program trends between NREGA and non-NREGA districts. Table 3 presents the results of the falsification exercise using individuals who are between 19-21 years old, to test our assumption of parallel trend. The coefficients are not significant i.e. we do not find any evidence of differential pre-program trend. The results of 14 We include years of education of the head of the household in our estimation and find that our results are largely similar to the ones presented in Table 2 .
the falsification exercise increase our confidence in the difference-in-differences estimates and we conclude that NREGA did not lead to any significant impact on educational attainment in NREGA districts.
Did the program have differential effects amongst different age groups? We answer this question, by running our estimations on different age groups as defined in the empirical section and present the results in Table 4 . We focus on the results that control for district specific linear trends since that is our preferred estimation regression. For girls, we see a consistent negative effect of the program on their education (however the results are not significant). The magnitude of decline is highest for the age group 10-12 which experiences a decrease of 0.451 years of education. The results for girls, although insignificant, allude towards the substitution channel mentioned earlier. Since mothers now are outside the house, the older girls (aged 10-15) might be forced to take over the household activities. The lack of childcare facilities in NREGA worksites makes it harder for mothers to take the younger children to work. Moreover, as mentioned earlier, the younger age group (7-9) might be taken out of school due to schools being far away from the villages. Furthermore, girls aged 7-9 might be taking care of the children aged below 7. They might be the oldest children in the household which is why we pick up the negative effect in their completed years of schooling as well. Thus, for girls, we consistently find negative coefficients for all age groups, although none are significant at conventional levels. These negative coefficients are consistent with the importance of mother's work channel playing a negative role in the children's education mentioned earlier.
On the other hand, the results for the boys are slightly different. While the results for the older male cohorts in our sample are similar to the older female cohorts, we see that the younger cohort actually experiences an increase of 0.258 years of education (not significant).
To the extent that the income channel matters, this appears to be the age and gender group where it may have positive impact. The results for the younger male group also further our theory of an underlying gender bias; while the younger girls experience a decline in education, the younger boys experience the opposite impact. Overall, for boys, we find some evidence of both channels playing a role in opposing directions. The income channel is more pronounced for the youngest age group than the older groups, who might be suffering due to the rise in mothers' labor force participation.
Hetereogeneity by Different Groups
Our analyses thus far has shown no significant effect of NREGA on children's education.
We find that girls seem to be substituting taking care of the household and younger siblings and hence might be dropping out of school. For the boys, we see mixed results with the younger cohort experiencing an increase in education and the older cohorts experiencing a decline in education. However, our results are not significant at any of the conventional levels.
Additionally, we divide our sample between households that have a female head and those that have a male head. The gender of the household is important to our analysis since it allows us to investigate income distribution and household spending. Panel A of Table 5 present results from estimating the effects of the program on children's education in households with a female head. 15 We find that the full sample of girls experience a decline of 0.966 (significant at the 10% level of significance). Disaggregating by age group, our results are similar to the results presented in Table 4 . The coefficient on the oldest cohort (13-15) is -1.957 which is highest in magnitude relative to the other age groups. These results further our theory that there might be a certain substitution of education for more household work by this group since the primary caretaker is absent from the house. The results for boys are similar to the results presented in Tables 2 and 4 ; none of the results are significant at conventional levels. However, it is interesting to see that the youngest age group experiences a decline in the years of education while the age group between 10-12 see a positive impact.
Panel B of Table 5 present results from estimating the sample of male headed households.
These results are very much similar to the results in Table 2 and 4 for both girls and boys.
As noted earlier, NREGA has specific provisions that target the marginalized caste groups and below poverty line groups to improve their land and irrigation facilities. Table 6 present results from estimating Equations 1 and 2 on the sample of marginalized castes (SC, ST and OBC). The results for both girls and boys largely mimic the results from our previous estimations presented in Tables 2 and 4 ; these results are not significant at the conventional levels. Even though, recent literature reports that this group have taken advantage of the program and improved household allocation towards consumption, it is interesting to see that this is not the case when it comes to education. It is however interesting to see that the oldest age group for both females and males appear to experience an increase in years of education. This could be primarily because of the reservation of seats for these groups, that they are taking advantage of this and going back to school to finish a certain level of education. Nevertheless, our results are not significant, and so we rule out any significant impact of the program on education for the marginalized caste.
Robustness Checks
Dropping the Best Performing States
Research and government documents have indicated that the best performing states with respect to an increase in women's labor force participation due to NREGA are the states of Rajasthan, Andhra Pradesh, Tamil Nadu and Kerala. 16 Since these states have experienced increases in labor force participation amongst females, the substitution channel of older siblings taking care of the younger children at home might be high as well. We drop these states from our analyses to see if these states are the ones that drive our results from above and present the estimation results in Table 7 . Our results are robust to this specification (although the results are not significant). We find an overall decrease in the years of education for both girls and boys.The coefficient on the oldest female cohort is however, positive. This suggests that maybe the substitution channel isn't as prominent once we drop these states from our estimation. However, the decline in years of education for the cohort between 10-12 is much higher than the increase for the oldest cohort, indicating an overall decline in educational attainment. The results for boys are robust and similar to the results we present in Tables 2 and 4 .
Urban Districts in Control Group
As another robustness check, we alter our control group by including the urban districts with the Phase 3 districts. We re-estimate our difference-in-differences estimation and present the results in Table 8 . Our results are quite robust to this specification for both boys and girls. We see that the older cohorts experience a decline in the years of schooling. The gender bias we mentioned earlier still seem to exist in this specification. Furthermore, Ravi et al. (2012) find that due to NREGA there is a reverse migration in India, i.e., families moved from urban to rural areas to avail the policy. This could very well be an explanation to our results being robust when we include the 100% urban districts, since children might already be enrolled in schools in urban areas but now have to drop out of them since the family is moving to rural areas.
Conclusion
This paper estimates the effects of an employment guarantee scheme on children's education. The National Rural Employment Guarantee Scheme in India in 2006 was rolled out in three different phases, starting from the most backward districts in the country. This allows us to exploit a difference-in-differences strategy to identify the effect of NREGA on children's education. On net, we find no evidence that the employment guarantee program improved children's education. While our standard errors are large and we find few signif-icant coefficients, we consistently find negative coefficients on girls? schooling attainment, particularly among female-headed households. Furthermore, dividing the sample between different age groups, we find that the older age groups might be taking up household work once the policy is in place. Additionally, we also find suggestive evidence of gender bias amongst the younger age groups. We find that boys aged between 7-9 experience an increase in years of education while girls of the same age experience a decline in schooling.
The lack of significant impact on children's education may be due to the interaction of two opposing channels .Theoretically, one would expect that extra income in the household would increase investment in children's education, thus increasing overall education. However, increased employment could lead to negative impacts on children's education through channel of mothers' time . This is when the older children stay back at home to take of their younger siblings and hence could result in a decrease in children attending school. Although our results are not significant, we find some evidence that the income channel and mothers' time channel work in opposite direction to the extent that the effect of the latter channel is greater than that of the income channel. This could explain the overall decline in children's education as indicated by our estimation. Additionally, we argue that this may also be because children quite often have to walk long distances to school and lack of a supervising guardian can prove to be a deterrent. Moreover, research and reports have documented that there is a lack of childcare facilities at the worksites in spite of a specific provision in NREGA for them. This might force parents to leave their children at home which could explain the decrease in the years of schooling we find from our estimations.
Our work adds to the growing literature on NREGA by estimating the effects of the employment guarantee act on children's education. Afridi et al. (2012) find a positive impact of NREGA on children's education in the state of Andhra Pradesh. Li and Sekhri (2013) find that the overall enrollment in schools decreases due to NREGA. However, they find that private school enrollment increases while public school enrollment decreases. Our results are in line with the enrollment results they find. Private schools quite often are significantly more expensive than public schools and are established primarily in urban areas. Since the program is geared towards rural households, access to good quality public schools might be restricted. Teacher absenteeism is also a concern in these schools, and so might be an additional deterrent for parents to send their children to school. The implementation of NREGA needs to increase its focus on childcare facilities which will allow for parents to take their younger children to work and free up the older children to attend school. As a policy, the program could also try to provide work near schools to mitigate the school distance factor for parents and children. Notes: The sources for this data is District Level Household and Facility Survey (DLHS-2) in India which was conducted in year 2002-04. The sample is restricted to children aged 7-15 years. Notes: The sample is restricted to children of 7-15 years of age. Standard errors are clustered at the district level and reported in parentheses below the estimated coefficient. ***, **, * denote significance at 1%, 5% and 10% respectively. All regressions include year, age and district fixed effects, and a full set of demographic and household controls listed in Table 1 (Panel C and D). The first row of coefficients gives the difference-in-differences estimate of the effect of NREGA on completed years of schooling. Notes: The sample is restricted to children between 19-21 years of age. Standard errors are clustered at the district level and reported in parentheses below the estimated coefficient. ***, **, * denote significance at 1%, 5% and 10% respectively. All regressions include year, age and district fixed effects, and a full set of demographic and household controls listed in Table  1 (Panel C and D). The first row of coefficients gives the difference-in-differences estimate of the effect of NREGA on completed years of schooling. 
No. of Obs.
Age group The sample is restricted to children of 7-15 years of age. Standard errors are clustered at the district level and reported in parentheses below the estimated coefficient. ***, **, * denote significance at 1%, 5% and 10% respectively. All regressions include year, age and district fixed effects, and a full set of demographic and household controls listed in Table 1 (Panel C and D). The coefficients on the cohorts give the difference-indifferences estimate of effect of NREGA on each age group. 
Obs.
Panel The table uses sample of children between 7-15 years of age. Standard errors are clustered at the district level and reported in parentheses below the estimated coefficient. ***, **, * denote significance at 1%, 5% and 10% respectively. All regressions include year, age and district fixed effects, and a full set of demographic and household controls listed in Table 1 (Panel C and D). 
Obs.. The sample is restricted to children of 7-15 years of age. Standard errors are clustered at the district level and reported in parentheses below the estimated coefficient. ***, **, * denote significance at 1%, 5% and 10% respectively.
All regressions include year, age and district fixed effects, and a full set of demographic and household controls listed in Table 1 (Panel C and D). 
Obs. The sample is restricted to children of 7-15 years of age. Standard errors are clustered at the district level and reported in parentheses below the estimated coefficient. ***, **, * denote significance at 1%, 5% and 10% respectively.
Full
All regressions include year, age and district fixed effects, and a full set of demographic and household controls listed in Table 1 (Panel C and D). Best states are Andhara Pradesh, Rajasthan, Kerla, and Tamil Nadu 
